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ABSTRACT

The purpose of this research is to examine how the data collected from various acquisition points,
directly and indirectly, impacts CRM data quality and customer performance. The method utilized
was that suggested by McDonald, where the CFA is guided and informed by the EFA results.
However, using AMOS, separate CFAs were conducted by the independent and dependent
variables. Items from the survey were subjected to an exploratory factor analysis, followed by an
item to total correlation analysis. Our findings support the idea that firms will pay a performance
price process of customer touch point’s data that is both efficient and effective. Moreover, the long
life factor of the customer relationship is making an initial impression on a customer, but without
an ongoing and private communication plan, the customer can finally switch to another product or
firm. With updated data banks, firms can exactly profile customers and target their private
communications to proper touch point data. As our model shows, this touch point data are finally
lead to CRM System Quality and finally to CRM performance. Therefore, continued loyalty to a
brand leads to increased market share and growing in a competitive market. Hence, the role of
CRM System Quality is essential for firms to increase market insight and performance.
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1. INTRODUCTION

In a previous couple ofdecades, traders, promoters, and even customers, expected to
enhance the idea and observe in integrated marketing communications (IMC) [1, 2]. Recently, the
combining of advanced marketing and advertising channels with communication media
has modified the structure of IMC [3] with regard to mensuration the time of interactive buyer—
seller relationships [4, 5]. Interactive IMC has notsolely wedgedthe traders with
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customers, however, has additionally placed a price on gathering various data touch points, and
messages to deliver personal marketing communications [6, 7]. This IMC has developed
for making a consistent message to increasing the worth of media. To accomplish most worth, data
analytics and marketing might construct synergies for rising customer loyalty and values [8, 9]. As
a result, customer data suggest traders get a competitive advantage by developing a various channel
to get in-depth relationships with customers. Due tothe growth of the customer relationship
management (CRM) systems and marketing metrics, firms are targeted on the worth of customer
analytics as a key structure plus [10, 11].

However, a CRM strategy established on quality data and firms have to prepare and analyze
each touch point, in order that the customer’s worth to the firm could also be determined. By using
customer identification, firms will interact IMC campaigns that maximize this worth over time [7].
Through resource allocation and marketing optimization [12] the expected outcomes of personal,
data- determined IMC plans embody increased maintenance, customer lifelong value [13]. In
some cases, technological progress has the ability to measure the effectiveness of IMC makes an
attempt in today’s various-channel; various touch point communication environments [14, 15].
Given  the inadequate state of IMC  metrics [16, 17] and rising connected
data integration, analysis that develops mechanisms and methodologies for coming up with and
mensuration effective cross-media campaigns [18]. Moreover, most firms don't have a clear
visionfor a waydata collected fromvarious touch points may be used foolishly
together with personal marketing strategies [19]. Now, we've gotthe powerto use period of
time marketing analytics as a resource by combining customer data from various customer touch
points [4, 5].In line withthis, the goal of the article is to develop and take a look
at an investigatory IMC data integration and mensuration framework that focuses on using
customer info to develop personal communication and marketing campaigns which will be
administered via various interactive customer touch points. We tend to develop recent work by
Zahay, et al. [20] and Peltier, et al. [21] to suggest an IMC data time. Our framework moves from
data required to profile customers, to data required developing personal communications, and
finally to data required to metricize however customers reply to marketing makes an attempt across
various contact points. Our model says that the aggregation of basic customer data results
in locating higher preference on aggregation different styles of data has got to be near customer’s
relationships. we tend to additionally estimate the impact that these interactive IMC
campaigns have two marketing metrics i) the standard of the CRM info and ii) customer
performance. The finding to the present literature by supplying a framework are for a how customer
data can be used to design private and profitable communication strategies. Payne and Frow
[22] justify CRM as a strategic method °...related to making improved shareholder worth through
the event of relationships with key customers and customer segments to use data and data to each
perceive customers and co-create worth with them. This data determined cross-functional
integration of processes, people, operations and marketing skills that's enabled through info,
technology and applications. Concerning to the current logic Even, et al. [23] and Verhoef, et al.
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[24] state thatthe employment of CRM as a tool for developing effective data determined
interactive marketing techniques that desire across various transactions and customer touch points.
Therefore, we tend to focus on extending the [20, 25] work that are taken from interactive customer
touch points, transactional data, psycho-demographics and customer lifelong value data .we tend
to adopt Peltier, et al. [13] definition of customer data, that claims that info should be accumulated
across various transactions, touch points and channels in order that it reflects the behavior and
emotions of customers, both collectively and individually. Therefore, customer info becomes a
resource that a firm will produce a customer data domain and create marketing choices. So, this
paper neglects mass media from the analysis model. In regard to CRM and IMC, the IMC literature
emphasis on two factors of the IMC construct: (i) the employment of varied communication media
and (ii) the consistency of messages accomplished across these media. Recently, IMC has
been ascertained as a chance for making and supporting the consumer trade negotiation by the
employment of sophisticated databases [26]. In line with the construct of interactive IMC [21] this
approach developed a communication strategies for delivering personal messages and suggest to
customersa  variety of double dialogue channels [27]. During this relation, IMC desires
interactive marketing strategies determined by customer desires across the connection lifecycle,
through  to  customer  analysis.  The  consequence  of high-quality CRM info is
comparatively undisputed. Due  to this uncertainty, making perceptive data analytic
initiatives needs a corporate-wide commitment to accumulating customer info the least touch points
of the connection through to customer evaluation [28]. Therefore, these points, target analytic
competencies across various sources, together with customer touch points, dealings data, loyalty/
satisfaction data and customer lifelong value data. So, having higher data quality relates to
every kind of data and, at last, is positively coupled with customer and business performance, [20,
29].

2. HYPOTHESES TESTED

To extend the work of Zahay, et al. [20]; Zahay, et al. [25] our interactive IMC data integration
and measure framework is shown in Figure one. Therefore to examining, however, the data
accumulated from various accomplishment points, directly and indirectly, impacts CRM data
and customer performance. As given in Figure one, to show the IMC data via a ordered process: (i)
transactional and psycho-demographic data are first used to produce target segments and customer
profiles (ii) personal data are used to deliver and track the efficacy of electronic communication and
provide techniques targeted to positively different segments; and (iii) touch points represent
target data and outcomes accumulated from various interactive communication channels.
Asrecommended interactive IMC data analytic framework and to develop target and
personal messages and marketing suggest delivered via interactive response channels. Similarly,
our framework includes a variety of direct effects, and, therefore, interested in the most effective
ordering of these different types of data and determining how they indirectly impact CRM data and
customer performance.
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Transactional and RFM data —Direct effects

Transactional data are explaining customer segments that disagree in their contribution to the
firm that are the governing mechanism employed by several interactive traders to estimate customer
lifelong value [30]. Advanced info technology innovation has increased the power of firms
for an increasing transactional data from positively different customer like customer lifelong value
(CLV) and customer equity [31]. So, transactional data are investigated in terms of the impact that
RFM (last purchase), Frequency (variety of transactions) and financial (worth of transactions) have
on CLV. Thus, interactive traders and RFM data have predictive power in determining CLV,
some research analyzes however it affects the standard of interactive CRM systems and these data
inspire to form customer info for developing effective IMC initiatives [20]. Transactional and
RFM data represent the bottom of our IMC model. We tend to, therefore, theorizes that:

Hypothesis 1: transactional data is positively associated with CRM system quality.

Whereas transactional data measures customer behavior, psychographic established data
target customers worth, buying for motivations, positions, and lifestyles. Psychographic data
merged with demographic data like age, gender, income, legal statusand family size
permits traders to request to the underlying motivations and lifestyles of various customers [32].
From a customer satisfaction Psycho-demographic data are internally created, and outwardly from
commercially obtained info regarding customers and prospects, which might be added  to
internal data files. Though most of the studies have explained consumer behavior, few have
searched customers’ psycho-demographics for segmenting customers using data processing
techniques. The rationale is that the psychographic data that are kept in customers’ minds, and not
well integrated with demographic info thatis keptin a very grammatical IMC info. On the
opposite hand, once psycho-demographics, coupled with CRM data, like dealings info are seen as
static components, they will facilitate within the forming of a longitudinal view of the customer. In
spite of the logical association between customer psycho-demographics and relative outcomes,
analysis has through empirical observation tested that however their use impacts CRM data quality
and customer performance. We assume
Hypothesis 2: psycho-demographic data is positively associated with CRM system quality.

Privacy is that the ability to individualize customer communications and marketing provider
[25]. The creation and delivery of personal marketing provider and communications move off
froma one-size-fits-all strategy to know that customers don't seem to be anonymous entities,
however, rather  distinguishable people with positively different behavioral and psycho-
demographic profiles [33]. Privacy is recognition and delivery of messages and provides no-hit,
following of privacy makes an attempt is additionally necessary for a very quality CRM system
[34]. These following measures extent customers receive and also the right suggest and messages
at the proper time and place [35]. Though some researchers examine the connection between the
number of privacy data a company collects and its performance, Zahay, et al. [20] find that the data
used to take in person buyer—seller relationships have a controlon perceived data quality.
Therefore, we tend to theorize that:
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Hypothesis 3: message and provide privacy data is positively associated with CRM system quality.
Hypothesis 4: privacy following data is positively associated with CRM system quality.

There are positively different definitions of customer touch points, principally agree that
they seek advice from some extent of contact to the delivery and reception of communications and
provide. During this relation, touch point designing is an in-depth approach for coming up with,
delivering, managing and mensuration personal customer relationships across communication
channels. Interactive customer touch point includes info captured viathe net, email, phone
and different channels present double direction communication. Research suggests that the impact
of development and management valued customer relationships is collected by the firms and
integrated behavioral data at the purpose of data delivery [36]. This worth is predicted to be higher
once marketing communications add bicycle-built-for-two with ~ different touch points to
maximize customer connections, Moreover, the CRM systems are that the ability to
trace wherever and the way communications /supply are delivered, that are allotted to individual
customer files [37]. Additionally, as a final link within  the IMC data  method,
the connected customer touch points can positively impact the standard of CRM systems.

Hypothesis 5: customer touch point data is positively associated with CRM system quality.
Hypothesis 6: customer touch point data is positively associated with customer performance.
Indirect hypotheses Zahay, et al. [20] conceptualized a customer data pyramid associated with the
CRM system quality and customer performance. They maintain that the worth of a firm’s customer
data is tied and to be accumulated and used in CRM systems. The authors take into account that
international data would be at rock bottom of the pyramid, followed by psycho-demographic data,
privacy data and customer touch pointdata. Our IMC data framework statesthe present
of an IMC data, with lower data on the pyramid resulting in increased aggregation of IMC data.
Transactional and psycho-demographic data are not to develop customer segments. Zahay, et al.
[25] suggest that psycho-demographic data are more powerful than dealings data and also because
the transaction established segments as resources by making the profiles of the purchasers target.
Thus:

Hypothesis 7: RFM/ dealings data is positively associated with the aggregation of psycho-
demographic data.

Directed electronic communication and uses provide privacy, data that are translated by
behavioral segmentation and profiling models [28, 38]. The data of customer dealings and psycho-
demographic data are function inputs into the privacy method that desires an identical of what
customers wish and what they provide [34]. Inobserving, from various touch points to a
customer’s behavioral and psycho-demographic profile, effective info managers are
additionally add data assortment as a resource of furnishing a relationship. Thus, hypothesis
follows us:
Hypothesis 8: RFM/transaction data are positively associated with the aggregation of privacy data.
Hypothesis 9: transactional data is positively associated with the aggregation of customer Touch
point data.
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Hypothesis 10: psycho-demographic data is positively associated with the aggregation of (i)
provide and message privacy data, and (ii) privacy following data.

Figure one show, the extended work of Zahay, et al. [20] data pyramid by ever-changing the
sequencing of privacy data and touch point data. As a result of a firm’s personal message and
provide are administered via designated touch points, touch point data logically hold the final
position within the data framework [39].

Hypothesis 11: provide and message privacy data is positively associated with the aggregation of
privacy following data.

Hypothesis 12: provide and message privacy, data; and privacy following data in positively
associated with the aggregation of customer touch point data.

We estimate the connection between the standard of IMC data at intervals a CRM system and
customer performance, that CRM data quality and customer performance closing the loop in our
interactive IMC data framework. The analysis shows that effective CRM implementation and use
contributes to improved customer performance [30]. Though CRM system and data
quality accomplished customer performance, thus the hypothesis that:

Hypothesis 13: the standard of IMC data in a very CRM system is positively associated with
customer performance.

3. METHODOLOGY

From West of Iran, a complete of 1050 executives within the financial services trade was
designated. The forms were sending by hooked up mail for finishing to the participant. Once one
month a second mailing was sent to non-respondents. In total, 340 questionnaires came back. Eight
respondents were removed owing to non-response, exploit a sample of 332 (%32) (Table 1).
Approximately 48 % of the businessis B2B and about thirty 7 % are B2C. The
respondents reportable that 53 % of their business was directed at retail or branch banking locations
and relied on outside sales personnel for 24 % of their business. The majority of the respondents
(63 percent) were 38 years or older. On-line business was a touch over 13 % of their sales, in step
with the trade average. Most of the firms (71.5 percent) are reportable a minimum of Rials 1250
million in sales/assets underneath management. Attainable biases of informer were controlled for
by requiring informed to be: (i) data table in their field; (ii) have a business experience; and) iii)
have a significant quantity of background in their trade. Moreover, a Harmon’s one-factor take a
look at shown that common methodology bias wasn't a difficulty within the data. According to the
previous work of the CRM and structure learning literature, five independent variables were
developed in our model. Therefore, all variables were calculable using various-item 5-point
scales mensuration the proportion of your time that these data are collected for incorporation in
their customer info (0 percent, twenty-five per cent, fifty per cent, seventy-five percent, and one
hundred percent). A summarize average score was calculated for every. Transactional / RFM data
(a =0.86) was measured by four items) i) Customers’ last purchase date) ii) Revenue by product
(iii) Frequency of purchase and (iv) total revenue from the customer. Psycho-Demographic data (a
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=0.72) were calculable by 2 items) i) customer psychographics and) ii) customer demographics.
Message provide Privacy data (oo = 0.85) was measured by 2 items i) Tailor marketing provide to
customers ii) Tailor communications to customers. Privacy following data (o = 0.82) was measured
by 3 items i) messages created to customers ii) customers skillful messages and iii) following the
methodology of contact for marketing messages. customer touch point data (a =0.79) was
calculable by three points of contact items, i) Email communications (ii) Personal service contracts
and iii) web sales. The model shows 2 dependent variables, CRM system quality, and customer
performance. In our model, CRM system quality could be a proceeding of customer performance.
Therefore, CRM System Quality (oo = 0.79) was calculable by four Items associated with various
touch point CRM system implementation, i) Quality of weband Email data, ii) Quality of
Loyalty data iii) Quality of Management Data iv) Quality of CRM Data’s skills. The size ranged
from one = poor to five =wonderful. Customer performance (o = 0.79) was measured by two Items
that reflect semi -permanent customer profitability i) Cross-Selling and ii) ROl on a customer
basis. Customer performance for the past three years relative to the competition was calculable as
a= one lower to 5=higher scale. Items from the survey were investigated, followed by an item to
total correlation analysis. The strategy used was recommended by McDonald [40] wherever the
CFA is guided and informed by the EFA results. Items with the low item to total correlations were
removed. Table two furnishes the dependableness and issue loadings for the final independent
variables. The coefficient’sa variety from0.72 to 0.90, indicating satisfactory levels of
dependableness for the measures. We tend to next direct a confirmatory correlational analysis.
However, using AMOS, separate CFAs were directed to the independent and dependent
variables. Because the average variance extracted (AVE) is bigger than the sg. of the construct’s
correlations with the opposite factors, square inter-item correlation (SIC) that is providing proof of
discriminate validity within the constructs. The fit indices of the variable CFA indicate a
decent fit, particularly for the small sample size, with x2=51.35 (DF= 11), normed fit index (NFI)
= 0.948, incremental fit index (IF)= 0.9961, comparative fit index (CFI)= 0.961, the Tucker-Lewis
index (TLI)=0.935 and also the root mean sg. error of approximation ( RMSEA ) = O.11. The fit
indices of the experimental variable CFA additionally indicated an inexpensive fit, and for the
small sample size, with x2182.30 (DF=96) , NFI= 0.880, IFI= 0.940, CFI= 0.940, the TLI=
0.916 and also the RMSEA= 0.076. Having guided these tests for discriminate validity, the final
scales were created as summarize mean various the individual items. The matrix together with the
resources and customary deviations of our summarize dimensions are reportable in Table three.
Whereas the correlation matrix exhibits some of the primary relationships such as the strong
relationship between both customer touch points, CRM data quality and performance, the SEM as

fit exhibit the complex relationships of the variables.

4. ANALYSIS AND RESULTS
In a combined SEM model using AMOS 19 the hypothesized direct and indirect relationships
were examined. Booth the Goodness of fit Index (GFI 0.993) and Adjusted Goodness of fit Index
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(AGFI=0.984), that measure the fit of the combined measure and structural model to data (x2=2.64)
were bigger than 0.91. The Root Mean Residual, that estimates the correlations between the
remaining variance of the model items, and will be but 0.05 for an in-depth fit is 0.029.The Steiger-
Lind RMSEA, a non-centrality measure the root of an estimate of the population discrepancy
divided by the degrees of freedom that should be as near zero as attainable, is 0.001. CFI, a normed
comparative fit index that should be as near one as attainable, was 0.96 [41]. The results of the
hypotheses tested shown in table four. Alternate models were tested that removed variables
and/or methods which reversed the hypothesized directional relationships. None of those alternate
models fit higher than the model reportable in Figure one. As a result of the one-tailed take a look
at is most acceptable for these data, all methods except RFM/transactional data to supply/message
privacy data and psycho-demographic data to customer touch points were significant at
P<0.05. The trail from RFM/Transactional data to CRM system quality was significant at
P< 0.055.

4.1. Mediation Tests

In this analysis, many mediation tests were directed by using the approach supported by Zhao,
et al. [42] via an SPSS manuscript file developed by Preacher and Hayes [43].We expect from the
finding that CRM system quality would be strengthened by these tests. Table five, shows that CRM
system quality mediates the impact of the aggregation of, Psycho-demographic, Privacy, and
Supply/Message Privacy on performance also as RFM/ transactional data and customer touch point
data oncustomer business performance. Within the cases of those styles of data, the
indirect impacts are larger than the direct effect and when the mediator is included in the equation,
consistent with direct mediation the direct effect becomes insignificant. Through paying attention
to CRM system quality the organization’s business and customer, performance is accomplished
directly fromdata aggregation. Therefore, the indirect methods from structure culture to
performance are stronger than the direct, consistent with mediation, however, each the indirect and
direct effects are significant. These results indicate that CRM system quality will mediate the
trail from the aggregation of RFM/ transactional data and customer touch point data to perform. As
well as, the organization’s business and customer performance don't seem to be accomplished
directly from data aggregation, but byusing the information from data aggregation to
enhance CRM system quality. Because the relationship isn't reflecting full mediation, there may
be another issue to think about in future analyzes. Maybe thus, these constructs should be
distended to extend comprehension of the mediating effects.

5. DISCUSSION

This model expands earlier work and shows the consequence of customer info and their final
impact on equal worth, and in CRM system quality and customer performance. Our model shows
that CRM System Quality results in increased customer performance, and showing that a
strategic system is very important for personal communications and customer touch  points. As
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shown in Figure two, our findings emphasize that to gather customer data, impacts the higher-
level customer data are collected and used for obtaining close to customers. Our IMC model
furnishes steerage for managers that are troubled to know ‘big data’ and the way to manage and
integrate heterogeneous customer databases and a variety of media channels. During this context,
in lightweight of the dynamic nature of technology like the social media, the digital area should be
tightly integrated, so as to create them helpful for firms. Such cross-media campaigns will only be
developed with segmentation and profiling data together with personal info. In recent years, the
channels of sales have matured, giving the power to succeed in customers through just about via
commerce and additionally through  mobile  environments  [44].  Therefore, these
channels permit integrated communications, additionally present a more pressing challenge for
firms as they struggle to optimize and organize their customer info.

With such opportunities, there's a more pressing want for firms to stay watchful in following
transactions and psycho-demographic data currently than ever before; because the model here
shows, this data may be used to individualize delivery and track it and improve customer touch
point. The model clearly suggests that firms through the aggregation of Psycho-Demographic data
and each Message/Content Privacy and Privacy are following data and also the increase in CRM
system quality which ends up that performance is accomplished during this context. Confirming
this finding, current analysis within the space of digital advertising indicates that firms have
bigger opportunities to individualize message content in interactive platforms. This study extends
the Zahay and Griffin [45]; Debra [46] add that a link increased from privacy message in
performance and was established, by that specialize in the role of CRM data quality in making the
firm performance. This model additionally suggests that increased privacy message and
content data delivery and increased customer touch point data. Our findings support the
concept that firms performance method and customer touch points data each is efficient and
effective [46]. Therefore, according to this idea, we find that advertising and promotion may
be termed a ‘metric that matters” and may result in progressive sales of a product. Moreover, the
long life issue of  the customer relationship s creatingan initial  impression  on
a customer, however while not a current and personal communication arrange, the customer
will finally switchto a different product or firm. With wupdated data banks, firms will
precisely profile customers and target their personal communications to correct touch point data. As
our model shows, this touch point data result in CRM System Quality and to CRM performance.
Therefore, we recommend that continuing loyalty to complete results in increased market share and
growing in a very competitive market. Hence, the role of CRM System Quality is crucial for
firms to extend market insight and performance.

6. LIMITATIONS AND FUTURE ANALYSIS

In line with this study, a more work must be done on larger sample sizes in various industries
and to know however CRM quality will result in customer performance. As firms more and
broader, future analysis should take a look atour model from a society perspective. Our
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model doesn't measure loyalty outcomes, the chance exists to any this kind of analysis on those
lines. The analysis shows that customers are satisfied and their charges are handled in an
acceptable manner; once keeping a customer is enhanced; thus to create easier such charges and
handle customer communications, firms should have a high-quality CRM system. The link
to customer loyalty that firms will create once they have high CRM System Quality allows them to
continue relationships with customers, therefore making a feedback for our IMC model.
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Table-1. Demographic profile of respondents

Percentage of sales Mean
B2B sales percentage 47.8
B2C sales percentage 37.2
Retail sales percentage 55.6
Online sales percentage 17.3
External sales percentage 24.6
Sales/assets under management Per cent
<50 million 155
51-250 million 12.2
250.1 million—1 billion 23.2
1.1-5 billion 26.9
>5 billion 18.2
Respondent age Percent
032 12.5
32-40 24.5
41-50 39.1
51 23.9

Table-2. Reliability and factor loadings for independent variables

Factor loading

Transactional/RFM data (0=0.83)

Customers’ last purchase date 0.76

Frequency of purchase 0.71

Total revenue from customer 0.62

Revenue by product or product line 0.60

Psycho-demographic data (a=0.75)

Customer lifestyle data 0.85

Customer psychographics/personality 0.81

Customer demographics 0.62

Message/supply privacy data (0=0.82)

Tailor communications to customers 0.87

Tailor marketing supplys to customers 0.88

Tailor marketing supplys to prospects 0.80

Privacy tracking data (a=0.9)

Tracking marketing messages/supplys made to customers 0.80

Tracking marketing messages/supplys customers responded to 0.74

Tracking method of contact for marketing supply 0.65

Customer Touchpoint data (0=0.76)

Email communications 0.83

Service contacts 0.75

Internet communications/sales 0.75

Table-3. Item correlations and reliabilities
Variables PSYCH RFM TOUCH MESSAGE PERS CRM PERF
Psycho-Demographic 1 - - - - - -
RFM/Transactional 0.409** 1 - - - - -
Customer Touchpoint s 0.144* 0.245**
Message/Supply Privacy 0.265** 0.204** 0.102 1
Privacy Tracking 0.410** 0.316** 0.221** 0.530** 1
CRM System Quality 0.446** 0.347** 0.260** 0.464** 0.456** 1
Customer Performance 0.119 0.101 0.324** 0.062 0.1 0.221** 1
Mean 2.60 3.53 3.61 3.44 3.13 2.97 3.23
Standard Deviation 1.15 1.16 1.11 1.1 1.13 0.75 0.73
*and ** indicate significance at 0.05 and 0.01, respectively; N=332.
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Table-4. Results and hypothesis testing structural equation model

Standard coefficient t-value
H1 RFM/Transactional > CRM System Quality 0.112" 1.50
H2 Psycho-Demographic — CRM System Quality 0.237*** 3.40
H3 Supply/Message Privacy —CRM System Quality 0.133* 1.76
H4 Privacy Tracking — CRM System Quality 0.313*** 4.25
H5 Customer Touchpoint s -CRM System Quality 0.128* 2.23
H6 Customer Touchpoint s — Customer Performance 0.282*** 3.91
H7 RFM/Transactional — Psycho-Demographic 0.411*** 5.90
H8a RFM/Transactional—Supply/Message Privacy 0.130* 2.01
H8b RFM/Transactional — Privacy Tracking n.s. n.s.
H9 RFM/Transactional — Customer Touchpoint s 0.204** 2.55
H10a Psycho-Demographic — Supply/Message Privacy 0.255*** 3.62
H10b Psycho-Demographic — Privacy Tracking 0.220*** 3.24
H11l Psycho-Demographic — Customer Touchpoint s n.s. n.s.
H12 Supply/Message Privacy — Privacy Tracking 0.442*** 7.02
H13 CRM System Quality —Customer Performance 0.201*** 3.91
P 0.10, *P<0.05, **P<0.01, ***P<0.001 (one-tailed tests).
Notes: Model fit: x? (332)=2.68, GFI=0.994, AGFI=0.984, CFI=0.96, RMSEA= 0.001.
Table-5. Results mediation tests
Independent Dependent Mediator Direct effect Indirect effect Result
variable variable
RFM/ Customer CRM system 0.1118 (0.0026)** 0.2350 Partial
(0.0122)*
Transactional Performance | quality Mediation
Psycho Customer CRM system 0.0819 (0.1006) ns 0.3057 Mediation
(0.0045)**
demographic Performance | quality
Customer Customer CRM system 0.1868 (0.0429)* 0.2373 Partial
(0.000)**
Touchpoint s Performance | quality Mediation
Privacy Customer CRM system 0.0700 (0.1817) ns 0.3344 Mediation
(0.0027)**
Tracking Performance | quality
Supply/Message Customer CRM system 0.0535 (0.2720) ns 0.3182 Mediation
(0.0017)**
Privacy Performance | quality

* and ** indicate significance at P<0.01 and P<0.05; ns: non-significant. All tests are two tailed.
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